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Abgract  With increasng of Deep Web, providing high quality data from autonomous, hetero-

geneous and dynamic Web databases to usersis becoming a hot topic in recent research

of Deep

Web integration service. How to generate the reasonable schema matching between the keywords
of the user request and schema of integrated interface as well as between the schema of integrated
interface and that of Web database interface is essential. The related works about schema matc-
hing are generating the best schema matching which dide over its uncertainty. This paper analy-
zes the uncertainty of schema matching, and then proposes a series of amilarity measures. To re-
duce the cost of execution, it proposes the type-based optimization method and schema matching
pruning method of numeric data. Based on above analys's, thispaper proposes the uncertain sche-
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ma matching method. The experiments prove the eff ectiveness and efficiency of the new method.
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among these Web data sources manually. The purpose of
those projects is to provide users an automatic approach to
achieve and integrate the information in Deep Web. In recent
years, more and more researchers have focused on some is
suesinit. Inthe past years, the authors have researched and
developed alot of techniquesin the area of Deep Web integra
tion service, and these works mainly focus on schema matc-
hing, query trandation and database selection. This paper
focuses on the uncertain schema matching method.





