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Scientific Data Intelligence: Al for Scientific Discovery

Meng Xiaofeng™

School of Information , Renmin University of China , Beijing 100872

Abstract The large-scale scientific infrastructure has been accelerating all fields of science into Big Data
Era. Although many interesting scientific events are contained in such a huge amount of data, it brings
many a lot of trouble to scientists. Scientists can no longer rely on their experience to discover rare
scientific events from massive data as they did before. The data intelligence technology is one of important
topics to discover scientific events automatically. However, the key challenge is the lack of an intelligent
discovery framework, involving the intelligent analysis methodology for scientific events, the intelligent
verification mechanism for scientific events and the long-term storage architecture of scientific data. Based
on this, we propose an intelligent management framework and its details from the view of data management

to promote the intelligent scientific discovery.

Keywords scientific data; data intelligence; data management; intelligent discovery; knowledge fusion;

long-term storage
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